Clinical Cases

Baishideng Publishing Group Inc



g é) World Journal of
Clinical Cases

Contents Thrice Monthly Volume 12 Number 4 February 6, 2024

EDITORIAL

671 Tenosynovitis of hand: Causes and complications
Muthu S, Annamalai S, Kandasamy V

677 Early antiplatelet therapy used for acute ischemic stroke and intracranial hemorrhage
Buddhavarapu V, Kashyap R, Surani S
MINIREVIEWS

681 Postoperative accurate pain assessment of children and artificial intelligence: A medical hypothesis and
planned study
Yue JM, Wang Q, Liu B, Zhou L

688 Application and mechanisms of Sanhua Decoction in the treatment of cerebral ischemia-reperfusion injury
Wang YK, Lin H, Wang SR, Bian RT, Tong Y, Zhang WT, Cui YL
ORIGINAL ARTICLE
Clinical and Translational Research

700 Identification and validation of a new prognostic signature based on cancer-associated fibroblast-driven
genes in breast cancer
Wu ZZ, Wei YJ, Li T, Zheng J, Liu YF, Han M
Retrospective Study

721 Rehabilitation care for pain in elderly knee replacement patients
Liu L, Guan QZ, Wang LF

729 Effect of early stepwise cardiopulmonary rehabilitation on function and quality of life in sepsis patients
Zheng MH, Liu WJ, Yang J

737 Influence of initial check, information exchange, final accuracy check, reaction information nursing on the
psychology of elderly with lung cancer
Jiang C, Ma J, He W, Zhang HY

746 Experience of primary intestinal lymphangiectasia in adults: Twelve case series from a tertiary referral
hospital
Na JE, Kim JE, Park S, Kim ER, Hong SN, Kim YH, Chang DK
Observational Study

758 Perceived stress among staff in Saudi Arabian dental colleges before and after an accreditation process: A
cross-sectional study
Shaiban AS

Buissidenge WICC | https:/ /www.wjgnet.com I February 6,2024 | Volume12 | Issue4



World Journal of Clinical Cases

Contents

Thrice Monthly Volume 12 Number 4 February 6, 2024

766

META-ANALYSIS

Comprehensive effects of traditional Chinese medicine treatment on heart failure and changes in B-type
natriuretic peptide levels: A meta-analysis

Xia LL, Yang SY, Xu JY, Chen HQ, Fang ZY

771

782

787

795

801

806

814

820

828

835

842

CASE REPORT

Mechanical upper bowel obstruction caused by a large trichobezoar in a young woman: A very unusual
case report

Scherrer M, Kornprat P, Sucher R, Muehlsteiner J, Wagner D

Accidental placement of venous return catheter in the superior vena cava during venovenous extracor-
poreal membrane oxygenation for severe pneumonia: A case report

Song XQ, Jiang YL, Zou XB, Chen SC, Qu AJ, Guo LL

Gestational diabetes mellitus combined with fulminant type 1 diabetes mellitus, four cases of double
diabetes: A case report

Li H, Chai Y, Guo WH, Huang YM, Zhang XN, Feng WL, He Q, Cui J, Liu M

Clinical experience sharing on gastric microneuroendocrine tumors: A case report

Wang YJ, Fan DM, Xu YS, Zhao Q, Li ZF

Endoscopic retrograde appendicitis treatment for periappendiceal abscess: A case report

Li OM, Ye B, Liu JW, Yang SW

Hemichorea in patients with temporal lobe infarcts: Two case reports

Wang XD, Li X, Pan CL

Monomorphic epitheliotropic intestinal T-cell lymphoma with bone marrow involved: A case report

Zhang FJ, Fang WJ, Zhang CJ

Inetetamab combined with tegafur as second-line treatment for human epidermal growth factor receptor-
2-positive gastric cancer: A case report

Zhou JH, Yi QJ, Li MY, Xu Y, Dong Q, Wang CY, Liu HY

Pedicled abdominal flap using deep inferior epigastric artery perforators for forearm reconstruction: A
case report

Jeon JH, Kim KW, Jeon HB

Individualized anti-thrombotic therapy for acute myocardial infarction complicated with left ventricular
thrombus: A case report

Song Y, Li H, Zhang X, Wang L, Xu HY, Lu ZC, Wang XG, Liu B

Multiple paradoxical embolisms caused by central venous catheter thrombus passing through a patent
foramen ovale: A case report

LiJD, Xu N, Zhao Q, Li B, Li L

63%9@ WICC | https://www.wjgnet.com I February 6,2024 | Volume12 | Issue4



World Journal of Clinical Cases

Contents
Thrice Monthly Volume 12 Number 4 February 6, 2024

847 Rupture of a giant jejunal mesenteric cystic lymphangioma misdiagnosed as ovarian torsion: A case report

Xuld, Lv TF

853 Adenocarcinoma of sigmoid colon with metastasis to an ovarian mature teratoma: A case report

Wang W, Lin CC, Liang WY, Chang SC, Jiang JK

859 Perforated gastric ulcer causing mediastinal emphysema: A case report

Dai ZC, Gui XW, Yang FH, Zhang HY, Zhang WF

865 Appendicitis combined with Meckel’s diverticulum obstruction, perforation, and inflammation in
children: Three case reports

Sun YM, Xin W, Liu YF, Guan ZM, Du HW, Sun NN, Liu YD

3%9(@ WJCC | https://www.wjgnet.com I February 6,2024 | Volume12 | Issue4 |



World Journal of Clinical Cases

Contents

Thrice Monthly Volume 12 Number 4 February 6, 2024

ABOUT COVER

Peer Reviewer of World Journal of Clinical Cases, Che-Chun Su, MD, PhD, Associate Professor, Department of
Internal Medicine, Changhua Christian Hospital, Changhua 500, Taiwan. 115025@cch.org.tw

AIMS AND SCOPE

The primary aim of World Journal of Clinical Cases (WJCC, World | Clin Cases) is to provide scholars and readers from
various fields of clinical medicine with a platform to publish high-quality clinical research articles and
communicate their research findings online.

WJCC mainly publishes articles reporting research results and findings obtained in the field of clinical medicine
and covering a wide range of topics, including case control studies, retrospective cohort studies, retrospective
studies, clinical trials studies, observational studies, prospective studies, randomized controlled trials, randomized
clinical trials, systematic reviews, meta-analysis, and case reports.

INDEXING/ABSTRACTING

The WJCC is now abstracted and indexed in Science Citation Index Expanded (SCIE, also known as SciSearch®),
Journal Citation Reports/Science Edition, Current Contents®/Clinical Medicine, PubMed, PubMed Central,
Reference Citation Analysis, China Science and Technology Journal Database, and Superstar Journals Database.
The 2023 Edition of Journal Citation Reports® cites the 2022 impact factor (IF) for WJCC as 1.1; IF without journal
self cites: 1.1; 5-year IF: 1.3; Journal Citation Indicator: 0.26; Ranking: 133 among 167 journals in medicine, general
and internal; and Quartile category: Q4.

RESPONSIBLE EDITORS FOR THIS ISSUE

Production Editor: $7 Zhao; Production Department Director: X# Guo; Editorial Office Director: Jin-Iei Wang.

NAME OF JOURNAL INSTRUCTIONS TO AUTHORS

World Journal of Clinical Cases https:/ /www.wijgnet.com/bpg/getinfo/204

ISSN GUIDELINES FOR ETHICS DOCUMENTS

ISSN 2307-8960 (online) https:/ /www.wjgnet.com/bpg/Gerlnfo/287

LAUNCH DATE GUIDELINES FOR NON-NATIVE SPEAKERS OF ENGLISH
April 16, 2013 https:/ /www.wijgnet.com/bpg/gerinfo/240

FREQUENCY PUBLICATION ETHICS

Thrice Monthly https://www.wjgnet.com/bpg/Gerlnfo/288

EDITORS-IN-CHIEF PUBLICATION MISCONDUCT

Bao-Gan Peng, Salim Surani, Jerzy Tadeusz Chudek, George Kontogeorgos, | https://www.wignet.com/bpg/gerinfo/208
Maurizio Serati

POLICY OF CO-AUTHORS https:/ /www.wijgnet.com/bpg/Gerlnfo/310
EDITORIAL BOARD MEMBERS ARTICLE PROCESSING CHARGE

https:/ /www.wjgnet.com/2307-8960/ editorialboard.htm https:/ /www.wignet.com/bpg/gerinfo/242
PUBLICATION DATE STEPS FOR SUBMITTING MANUSCRIPTS
February 6, 2024 https:/ /www.wignet.com/bpg/Gerlnfo/239
COPYRIGHT ONLINE SUBMISSION

© 2024 Baishideng Publishing Group Inc https:/ /www.f6publishing.com

© 2024 Baishideng Publishing Group Inc. All rights reserved. 7041 Koll Center Parkway, Suite 160, Pleasanton, CA 94566, USA

E-mail: office@baishideng.com https://www.wjgnet.com

63%9@ WJCC | https://www.wjgnet.com IX February 6,2024 | Volume12 | Issue4


https://www.wjgnet.com/bpg/gerinfo/204
https://www.wjgnet.com/bpg/GerInfo/287
https://www.wjgnet.com/bpg/gerinfo/240
https://www.wjgnet.com/bpg/GerInfo/288
https://www.wjgnet.com/bpg/gerinfo/208
https://www.wjgnet.com/bpg/GerInfo/310
https://www.wjgnet.com/2307-8960/editorialboard.htm
https://www.wjgnet.com/bpg/gerinfo/242
https://www.wjgnet.com/bpg/GerInfo/239
https://www.f6publishing.com
mailto:office@baishideng.com
https://www.wjgnet.com

7|0\

Submit a Manuscript: https:/ /www.f6publishing.com

DOI: 10.12998 / wjcc.v12.i4.700

World Journal of
Clinical Cases

World ] Clin Cases 2024 February 6; 12(4): 700-720

ISSN 2307-8960 (online)

ORIGINAL ARTICLE

Clinical and Translational Research

Identification and validation of a new prognostic signature based on
cancer-associated fibroblast-driven genes in breast cancer

Zi-Zheng Wu, Yuan-Jun Wei, Tong Li, Jie Zheng, Yin-Feng Liu, Meng Han

Specialty type: Oncology

Provenance and peer review:

Unsolicited article; Externally peer

reviewed.
Peer-review model: Single blind

Peer-review report’s scientific
quality classification

Grade A (Excellent): 0

Grade B (Very good): 0
Grade C (Good): C, C, C
Grade D (Fair): 0

Grade E (Poor): 0

P-Reviewer: Bansal C, India;
Papadopoulos VP, Greece

Received: December 1, 2023
Peer-review started: December 1,
2023

First decision: December 7, 2023
Revised: December 14, 2023
Accepted: January 3, 2024

Article in press: January 3, 2024
Published online: February 6, 2024

Jaishideng

» WJCC | https://www.wjgnet.com 700

Zi-Zheng Wu, Yuan-Jun Wei, Tong Li, Jie Zheng, Yin-Feng Liu, Meng Han, Breast Disease
Diagnosis and Treatment Center, The First Hospital of Qinhuangdao, Qinhuangdao 066000,
Hebei Province, China

Yuan-Jun Wei, Meng Han, Department of General Surgery, Hebei Medical University,
Shijiazhuang 050000, Hebei Province, China

Yuan-Jun Wei, Meng Han, Breast Disease Diagnosis and Treatment Center, The First Hospital of
Qinhuangdao, Hebei Medical University, Qinhuangdao 066000, Hebei Province, China

Tong Li, Breast Disease Diagnosis and Treatment Center, Chengde Medical College, Chengde
067000, Hebei Province, China

Corresponding author: Meng Han, MD, Director, Breast Disease Diagnosis and Treatment
Center, The First Hospital of Qinhuangdao, No. 258 Wenhua Road, Haigang District, Qin-
huangdao 066000, Hebei Province, China. menghan68527@163.com

Abstract

BACKGROUND

Breast cancer (BC), a leading malignant disease, affects women all over the world.
Cancer associated fibroblasts (CAFs) stimulate epithelial-mesenchymal transition,
and induce chemoresistance and immunosuppression.

AIM

To establish a CAFs-associated prognostic signature to improve BC patient out-
come estimation.

METHODS

We retrieved the transcript profile and clinical data of 1072 BC samples from The
Cancer Genome Atlas (TCGA) databases, and 3661 BC samples from the The Gene
Expression Omnibus. CAFs and immune cell infiltrations were quantified using
CIBERSORT algorithm. CAF-associated gene identification was done by weighted
gene co-expression network analysis. A CAF risk signature was established via
univariate, least absolute shrinkage and selection operator regression, and mul-
tivariate Cox regression analyses. The receiver operating characteristic (ROC) and
Kaplan-Meier curves were employed to evaluate the predictability of the model.
Subsequently, a nomogram was developed with the risk score and patient clinical
signature. Using Spearman's correlations analysis, the relationship between CAF
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risk score and gene set enrichment scores were examined. Patient samples were collected to validate gene
expression by quantitative real-time polymerase chain reaction (QRT-PCR).

RESULTS

Employing an 8-gene (IL18, MYD88, GLIPR1, TNN, BHLHE41, DNAJB5, FKBP14, and XG) signature, we attemp-
ted to estimate BC patient prognosis. Based on our analysis, high-risk patients exhibited worse outcomes than low-
risk patients. Multivariate analysis revealed the risk score as an independent indicator of BC patient prognosis.
ROC analysis exhibited satisfactory nomogram predictability. The area under the curve showed 0.805 at 3 years,
and 0.801 at 5 years in the TCGA cohort. We also demonstrated that a reduced CAF risk score was strongly
associated with enhanced chemotherapeutic outcomes. CAF risk score was significantly correlated with most
hallmark gene sets. Finally, the prognostic signature were further validated by qRT-PCR.

CONCLUSION
We introduced a newly-discovered CAFs-associated gene signature, which can be employed to estimate BC patient
outcomes conveniently and accurately.

Key Words: Breast cancer; Prognosis; Gene signature; The Cancer Genome Atlas; The Gene Expression Omnibus

©The Author(s) 2024. Published by Baishideng Publishing Group Inc. All rights reserved.

Core Tip: Breast cancer (BC), a leading malignant disease, affects women all over the world. Cancer associated fibroblasts
(CAFs) stimulate epithelial-mesenchymal transition, and induce chemoresistance and immunosuppression. We introduced a
newly-discovered CAFs-associated gene signature using IL18, MYDS88, GLIPR1, TNN, BHLHE41, DNAJBS, FKBP14, and
XG, which can be employed to estimate BC patient outcomes conveniently and accurately.
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INTRODUCTION

Breast cancer (BC) is responsible for the most cancer-related deaths in women all over the world[1]. The Prediction
Analysis of Microarray 50 (PAMS50) classifies BC into five categories, namely, luminal A, luminal B, Her2-enriched,
normal-like, and basal-like BC[2]. Despite this, patients with the same molecular and clinical signatures can exhibit vastly
different outcomes as well as responses to chemotherapy and immunotherapy|[3], suggesting the presence of unknown
mediators that influence both the cancer prognosis and therapeutic response. Classical assessments such as those
involving tumor-node-metastasis (TNM) staging and pathology are subjective at best and are poor at predicting patient
outcomes and therapeutic responses. Hence, it is critical to develop novel approaches that are able to accurately estimate
BC patient overall survival (OS) and thus improve outcomes.

Tumor pathogenesis and progression are modulated by both the cancer cells themselves and the tumor microenvir-
onment (TME)[4]. The tumor stroma plays a critical role in enhancing tumor aggressiveness by modulating the deposition
of the extracellular matrix (ECM) as well as cellular metabolism[5]. Of all TME stromal cells, cancer-associated fibroblasts
(CAFs) have been the most widely examined. CAFs make up a majority of the stroma and are essential for tumor
invasion, angiogenesis, and ECM remodeling, promoting cell-cell associations and the release of pro-invasive factors[6-
8]. STAT3 induces breast cancer growth via ANGPTL4, MMP13 and STC1 secretion by cancer associated fibroblasts[9].
Cancer-associated fibroblasts facilitate premetastatic niche formation through IncRNA SNHG5-mediated angiogenesis
and vascular permeability in breast cancer[10]. High expression of TGF-a, PKMYT1 and decreased SFRP1 and SFRP2 in
the fibroblasts were associated with disease recurrence, invasive disease or decreased survival[11]. Hence, it is critical to
explore the physiological properties of CAFs and their potential as therapeutic targets in BC.

Weighted gene co-expression network analysis (WGCNA) is an extensive bioinformatics algorithm that incorporates
highly expressed genes and their associates into several gene modules to examine their association with the phenotype of
interest[12]. In the past, WGCNA was successfully applied to identify CAF indicators[13,14]. To date, there have been no
reports on WGCNA-based analysis of CAFs and stromal invasion in BC. Here, we reported that a CAF subtype functions
as an indicator of BC patient prognosis, and we identified CAF-associated genes with prognostic significance. We also
report an eight-gene signature using CAF-associated genes that can accurately estimate both OS and therapeutic response
in BC patients. Our findings may highlight a novel and robust prognostic indicator for the personalized therapy of BC
patients.
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MATERIALS AND METHODS

Data sources and preprocessing

RNA-seq data [log2 (FPKM+1)], mutation annotation format file, and corresponding clinical information of 1072 breast
invasive carcinoma patients in the The Cancer Genome Atlas (TCGA) database were obtained using Xena (https://
xenabrowser.net). The Ensemble Gene was transformed into gene symbols to retrieve transcripts via the annotation file
(hg38, gencode.v22.annotation.gene.probemap) of the GENCODE database[15]. Overall, 1072 primary BC samples and 99
adjoining healthy breast tissues were obtained from the TCGA. Table 1 summarizes in detail the clinical data of these
primary BC patients. OS is defined as the time from diagnosis to death from any cause.

OS information was available for 1050 patients. The GSE96058, GSE18728, and GSE21653 datasets were downloaded
from the The Gene Expression Omnibus (GEO) database (www.ncbi.nlm.gov/geo). The GSE96058 and GSE21653 datasets
served as the validation cohorts.

The CAF-related gene expression signature (reference genomes) was downloaded from previous literature. This clearly
separated CAFs into five subtypes[16]. Only the gene expression values greater than 1 were included. Supplemen-
tary Table 1 lists the CAF-related expression signature.

Calculation of CAF and microenvironment cell abundance
The Cell Type Identification by Estimating Relative Subsets of Known RNA Transcripts (CIBERSORT) algorithm was
employed for the enrichment estimation of the five CAF and immune cell types for BC and normal samples from the
TCGA dataset[17]. The ESTIMATE algorithm computed the BC patient stromal and immune scores using the bulk gene
expression data[18]. Kruskal-Wallis tests were used to compare differences in CAF and immune cell proportions, as well
as stromal and immune scores in different cancer stages and normal tissues.

Using univariate analysis, we assessed the association between the five CAF phenotypes and OS. The correlations
between prognostic CAF subtype, stromal and immune scores were computed via Pearson’s correlation coefficients.

Construction of a weighted gene co-expression network and identification of CAF-associated genes

The WGCNA package was employed to construct the weighted gene co-expression network (WGCN)[12] in R software,
based on mRNA expression profiling. Hierarchical clustering was used to obtain modules, with each module harboring a
minimum of 30 genes (min Module Size = 30). We computed the eigengenes, clustered the modules based on hierarchy,
and combined comparable modules (abline = 0.25). Pearson’s correlation coefficients were calculated to assess the
relationship between the modules and patient clinical signatures. The gene significance (GS) was described as the log10
transformation of the matched P value (GS = 1g P) of the association between the gene levels and matched clinical data. To
further evaluate this module, the module eigengenes (ME) dissimilarity was computed via the module Eigengenes fun-
ction in the R WGCNA package. This was described as the primary portion of a given module and was deemed as the
gene expression signature representative in a module. The module membership (MM) gene values in modules were
computed by evaluating associations between gene signatures and MEs. Hub genes were chosen for MM > one-third
difference between the maximum and minimum MM, and GS > one-third difference between the maximum and mi-
nimum GS.

Functional enrichment analysis

Gene ontology (GO), including cellular component, biological process, and molecular function (MF), and Kyoto
Encyclopedia of Genes and Genomes (KEGG) network enrichment analyses were conducted on CAF-related gene hub
genes and was visualized using the clusterProfile package[19] in the R software. Adjusted P < 0.05 was set as the
significance threshold.

Construction and verification of a CAFrelated gene prognostic signature CAFrelated in PDF format

To build a prognosis-related signature, univariate analysis was employed to screen for OS-associated genes with P values
< 0.05. Subsequently, the marked prognostic genes underwent filtration using least absolute shrinkage and selection ope-
rator (LASSO)-penalized Cox regression analysis. Only genes with nonzero coefficients in the LASSO model were
selected for additional multivariate analysis. Next, the prognostic risk model was generated based on the following: Risk
score (RS, CAFPS) = B genel x expr genel + B gene2 x expr gene2 + ... + § gene n X expr gene n. In this formula, B
represented the correlation coefficient in multivariate analysis, and expr represented mRNA expression. The patients
were then separated into a high- (HR) or low-risk (LR) cohort, based on the median RS. The same formula was employed
for the RSs calculation in the GEO and TCGA datasets.

The Kaplan-Meier log-rank test and the time-dependent receiver operating characteristic (ROC) curve analysis were
employed to confirm the eight-gene signature performance. The RS distribution and OS status scatter plots, as well as the
expression heatmaps of the eight CAF-related risk genes between the HR and LR cohorts, were constructed to assess the
prognostic signature, and the stand-alone prognostic analysis was performed to assess the independent nature of the
signature in predicting OS.

Development of nomogram

To translate the prognostic significance of the eight-gene signature into clinical application, we established a nomogram
involving the RS and matched clinical data of BC patients, which included age and pathological stage. In addition, the
calibration curves were generated to evaluate the agreement between the true and estimated OS.

WJCC | https://www.wjgnet.com 702 February 6,2024 | Volume12 | Issue4 |

Jaishideng®


https://xenabrowser.net
https://xenabrowser.net
http://www.ncbi.nlm.gov/geo
https://f6publishing.blob.core.windows.net/3dd67461-a1b1-43e4-ba5f-a284228c79bc/WJCC-12-700-supplementary-material.pdf
https://f6publishing.blob.core.windows.net/3dd67461-a1b1-43e4-ba5f-a284228c79bc/WJCC-12-700-supplementary-material.pdf

Wu ZZ et al. CAFs-associated prognostic signature

Estimation of patient therapeutic response, according to the 8-gene signature
To further confirm the predictability of CAFPS in estimating patient chemotherapeutic response, GSE18728 was em-
ployed. Differences in CAFPS between responder and non-responder cohorts were assessed via the Wilcoxon test.

Enrichment analyses

Furthermore, the “h.all.v7.4. symbols” gene sets were derived from the Molecular Signatures Database (MSigDB)[20]. The
ssGSEA was employed to compute the hallmark gene set enrichment scores[21]. Spearman correlation analysis was used
to assess the relationships between the CAFPS and gene set enrichment scores.

Patients and tissue samples

All 80 breast cancer tissues and paired adjacent normal tissues were obtained from patients treated at the first hospital of
ginhuangdao between January 2022 and December 2022. The paired adjacent normal tissues were dissected by the
surgeons 5-cm away from the tumor edge. Tissue samples were stored at liquid nitrogen until total RNA was extracted.
This study was approved by the Ethics Committee of the first hospital of ginhuangdao, and the informed consent forms
were obtained from all the patients.

Quantitative real-time polymerase chain reaction

Total RNA was isolated from the BC and matched adjacent tissues using TRIzol (Thermo Fisher Scientific). The Nanodrop
2000 (Thermo Fisher Scientific) was used to detect the purity and concentration of the total RNA. According to the
manufacturer's protocol, quantitative real-time polymerase chain reaction (QRT-PCR) was performed by using Taq Pro
universal SYBR qPCR Master Mix (Vazyme, Nanjing, China).The primers used were as follows: FKBP14 forward primer
5'-AGCTGATCAACATCGGCAAT-3' and reverse primer 5'- CCAAGAACCCCCATTATTGA -3', Bactin forward primer
5'CATGTACGTTGCTATCCAGGC3' and reverse primer 5'CTCCTTAATGTCACGCACGAT-3'. The relative levels of
FKBP14 was evaluated by the 24T method using Bactin as the control.

Statistical analysis

All data analyses were performed in R version 3.6.4 (https://www.r-project.org) and associated packages. The Wilcoxon
test was used to examine the CAFPS-clinicopathological properties link. Kaplan-Meier curves and log-rank tests were
used for evaluating OS using the survival and survminer R packages.

RESULTS
Clinical significance of the CAF proportion in BC

The proportions of five CAF and immune cell types in BC and normal samples from the TCGA database were obtained
using the CIBERSORT algorithm. We observed marked differences in the proportions of the five types of CAFs (Figure 1),
CD4 memory resting T cells, CD4 memory activated T cells, regulatory T cells, resting natural killer (NK) cells, and the
stromal score between different cancer stages and normal tissues (Supplementary Figure 1). Based on the median value of
the CAF proportion, patients were divided into high and low CAF groups. The prognosis of patients in different groups
was compared (Figure 2A-F). Patients with lower proportions of the CAF S3 subset were found to have better OS (P =
0.015; Figure 2D). Figure 2G and H illustrates a positive correlation between the CAF-S3 proportion and the immune (r =
0.57, P < 2.2e-16) and stromal scores (r = 0.33, P < 2.2e-16).

Use of WGCNA to develop a principal-gene module related to CAF-S3 cells

To better represent the scale-free topology of the co-expression axis in the WGCNA, we chose the soft-threshold = 6
(Figure 3A). Ten co-expressed gene modules were clustered (Figure 3B), of which the black, pink, and red modules seen
in Figure 3C were most relevant to CAF-S3 cells (Figure 3C). Of these, 921 genes [the black module (427 genes), pink
module (255 genes), and red module (239 genes)] were selected as hub CAF-related genes (Figure 3D-F).

Functional enrichment analysis

GO analysis showed that CAFrelated genes were mainly enriched in biological processes related to the ECM and cell
adhesion, including focal adhesion, positive regulation of cell adhesion, extracellular structure organization, and ECM
organization (Figure 4). KEGG pathway analysis indicated marked enrichment of the genes in pathways associated with
cell adhesion (Figure 4).

Screening of prognostic genes and generation of a CAF prognostic gene signature
Only gene expression values greater than 1 were included in this analysis. Univariate analysis showed that 72 CAF-
related genes were strongly associated with OS. Further LASSO and multivariate analyses showed that eight CAF-
associated genes (IL18, MYD88, GLIPR1, TNN, BHLHE41, DNAJB5, FKBP14, and XG) were independent prognostic
factors of BC patient OS (Figure 5A-C).

A risk score (RS) system was established using the expression levels of these eight genes and their corresponding
coefficients obtained from the multivariate Cox regression analysis. We then calculated the RS using the formula: RS
[CAF prognostic gene signature (CAFPS)] = (-0.168 x IL18 levels) + (-0.420 x MYD88 levels) + (-0.338 x GLIPR1 levels) + (-
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Figure 1 Cell fractions of cancer-associated fibroblasts in different cancer stages and normal tissues. A: Cancer associated fibroblasts (CAFs);
B: CAFs mesenchymal stem cell (MSC) inflammatory CAF (iCAF)-like s1; C: CAFs MSC iCAF-like s2; D: CAF Transitioning s3; E: CAFs myCAF-like s4; F: CAFs
myCAF-like s5.

0.236 x TNN levels) +(-0.129 x BHLHE41 levels) + (-0.577 x DNAJB5 levels) + (0.695 x FKBP14 levels) + (0.573 x XG
levels).

Evaluation of biomarkers

Genetic alterations in the biomarkers were assessed using data from the TCGA database. Most of the eight biomarkers
exhibited high CNV frequencies in BC (IL18: 37.26%, MYD88: 22.05%, GLIPR1: 17.11%, TNN: 27.76%, BHLHE41: 16.16%,
DNA]JB5:14.07 %, FKBP14: 15.21%, and XG: 14.83%; Figure 6).

Predictive accuracy of the eight-gene prognostic signature

Using the median RS, we separated BC patients into either low- (LR) or high-risk (HR) groups to evaluate the predictive
accuracy of the eight-gene prognostic signature. This showed that the LR group had significantly better OS, compared
with the HR group (HR 2.951, 95%CI 2.220-3.924, P < 0.0001; Figure 7A). The AUCs of the prognostic signature showed
that it was effective for predicting the OS of patients with BC (3-year AUC = 0.698, 5-year AUC = 0.719, 8-year AUC =
0.752) (Figure 7B). We generated risk curves and scatter plots to display the RS and survival status of individual BC
patients, finding that poorer outcome was strongly related to an elevated RS (Figure 7C and D). Furthermore, a heatmap
depicting the expression patterns of the risk-associated genes in both groups showed that FKBP14 and XG levels were
significantly increased in HR patients, while the levels of IL18, MYD88, GLIPR1, TNN, BHLHE41, and DNAJB5 were
elevated in LR patients (Figure 7E). Multivariate analysis indicated that the CAFPS was an independent prognostic factor
of BC patient prognosis after adjustment for other clinical factors (HR 2.466, 95%CI 1.843-3.298, P < 0.001) (Figure 8).

The eight-gene prognostic signature was then validated using the GSE96058 and GSE21653 datasets. Kaplan-Meier sur-
vival curves confirmed that the HR cohort experienced worse OS relative to the LR cohort (GSE96085 cohort: P < 0.0001;
GSE21653 cohort: P = 0.01) (Figure 9A and B).

We then investigated whether RS could predict outcomes in various subgroups, including age > 60, age < 60, phase I-1I,
phase III-IV, TNBC, and non-TNBC. This showed that all subgroups were accurately estimated by RS. Stratification
analyses in the TCGA indicated worse OS for HR patients in each stratum, including age, stage, and molecular subtype,
compared with LR patients. These data indicated that the CAFPS was a robust and independent predictor of OS in diffe-
rent populations (Supplementary Figure 2).

Correlation between the CAFPS and clinicopathological factors

To further assess whether CAFrelated genes participated in the development of BC, we assessed the associations between
CAFPS and patient clinicopathological factors. This showed that the CAFPS was significantly correlated with patho-
logical T stage, pathological M stage, and molecular subtype (Figure 10). The higher the T stage, the higher the corres-
ponding RS. Patients with metastasis and Her2-enrichment had higher RS values.
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Figure 2 Kaplan-Meier curves of overall survival in relation to cancer associated fibroblasts, and the relationship between the cancer
associated fibroblasts transitioning s3 and stromal and immune scores. A: Cancer associated fibroblasts (CAFs); B: CAFs mesenchymal stem cell
(MSC) inflammatory CAF (iCAF)-like s1; C: CAFs MSC iCAF-like s2; D: CAFs Transitioning s3; E: CAFs myCAF like s4; F: CAFs myCAF like s5; G-H: The
relationship between the CAFs transitioning s3 and the immune and stromal scores.

Generation of the CAFPS-based nomogram

A nomogram was generated using the eight-gene CAFPS and several patient clinical characteristics, namely, age and
pathological status, to predict the 3 and 5-year OS of BC patients (Figure 11A). All patients were given a point each for
individual prognostic parameters, and a higher total score indicated worse prognosis. We next assessed the predictive
efficacy of the nomogram using time-dependent ROC curve analysis. This showed that the AUCs of the nomogram were
0.805 and 0.801 for the 3- and 5-year OS rate predictions, respectively (Figure 11B and C). Moreover, higher AUCs were
seen compared with the pathological stage. These results demonstrated the satisfactory predictive efficacy of the nomo-
gram in determining the outcomes of BC patients (Figure 11D and E).

Prognostic value of CAFPS in relation to drug response

Patients in the GSE18728 dataset underwent chemotherapy. Of these, 11 responded while 17 did not. The CAFPS scores of
the patients who responded were significantly lower compared to those of the non-responding patients (Wilcoxon test, P
= 0.048, Figure 12A). Moreover, patients with reduced CAFPS scores responded better than those with elevated scores
(Figure 12B). These findings indicate that the CAFPS was effective for estimating patient response to chemotherapy. This
also explained the worse outcome and rapid cancer progression of patients with elevated CAFPS scores who underwent
chemotherapy.

Evaluation of the prognostic gene signature, inmune checkpoints, and hallmark gene networks

We next assessed differences in the levels of immune checkpoint molecules between the HR and LR cohorts. Relative to
the HR cohort, the levels of PDCD1 (PD1) (P < 2.22e-16), CD274 (PD-L1) (P < 2.22e-16), CTLA4 (P < 2.22e-16), LAG3 (2.7e-
13), IDO1 (P < 2.22e-16), and TIGIT (P < 2.22e-16) were significantly raised in the LR cohort (Figure 13). Another
interesting finding was that almost all of the hallmark gene networks were significantly associated with CAFPS
(Figure 14A). Moreover, the single-sample gene set enrichment analysis (ssGSEA) showed that the CAFPS RS was
negatively associated with the TGF-BETA (r = -0.091, P = 0.0032), IL-6-JAK-STAT3 (r = -0.37, P < 2.2e-16), and TNFA-
SIGNALING-VIA-NFKB (r =-0.34, P < 2.2e-16) signaling pathways (Figure 14B-D).

External experimental validation of prognostic signature

We found that the expression levels of FKBP14 was significantly higher in breast cancer samples than in the paired
adjacent normal tissues. Patients were divided into high expression group and low expression group based on the me-
dian values of FKBP14 expression. Among patients with high FKBP14 expression, the proportion of patients with tumor
size > 2 cm, lymph node metastasis and TNM stage III was higher than that of patients with low FKBP14 expression (P <
0.05) (Table 2).
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Figure 3 Co-expression pathways generated by weighted gene co-expression network analysis. A: A soft-thresholding power () of 6 was chosen,
following the scale-free topology criterion; B: Clustering dendrograms depicting genes with comparable expression signatures were grouped into co-expression
modules; C: Module-trait associations illustrating the relationships between individual gene module eigengenes and matching phenotype; D-F: Scatter plots of the
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Figure 4 Gene ontology and Kyoto Encyclopedia of Genes and Genomes enrichment analyses. The gene ontology analysis of enriched biological
process, cellular component, and molecular function terms, and the Kyoto Encyclopedia of Genes and Genomes analysis of hub genes. KEGG: Kyoto Encyclopedia
of Genes and Genomes; MF: Molecular function; CC: Cellular component; BP: Biological process.

DISCUSSION

Current methods are relatively ineffective for predicting the outcomes of BC patients, likely due to complications related
to phenotypes and underlying mechanisms. However, advances in bioinformatics have allowed the identification of new
biomarkers to aid BC diagnosis and the estimation of patient outcomes[22,23]. CAFs, non-neoplastic stromal cells found
within the TME, aid in tumor formation and metastasis[24,25]. Multiple studies have identified CAFs as indicators of
drug resistance and worse outcome in a range of tumors[26-28]. Moreover, it was revealed that factors secreted by CAFs
can transmit signals to tumor cells that promote drug resistance[29]. Furthermore, CAFs also release cytokines, exosomes,
and growth factors, which influence components of the TME, thereby modulating the therapeutic response. Emerging evi
-dence has revealed a strong association between the number and activity of CAFs and patient prognosis[13,14,28].
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Figure 5 The mechanism of variable selection. A and B: The performance of least absolute shrinkage and selection operator (LASSO) analysis; C: Forest
plot of multivariate analysis for the establishment of the prognostic signature.
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Figure 6 Mutation and copy number alteration analysis of the hub genes. CAN: Copy number alteration.

Hence, targeting CAFs may be beneficial to anti-cancer therapy.

Prior investigations have identified fibroblasts based on their expression of FAP and «SMA[30]. However, fibroblasts
are distinct from cancer cells and have thus not been further stratified. Single-cell RNA sequencing (scRNA-seq) can
examine the entire cellular signature of tumor cells[31,32]. Recent CAF examinations recognized two polarized states
regulated by ECM formation or inflammatory secretomes[33-35].
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Figure 7 Evaluation of the prognostic signature using the The Cancer Genome Atlas database. A: Kaplan-Meier plots of overall survival between
the high- and low-risk cohorts; B: Time-dependent receiver operating characteristic curve analysis; C: Risk score distribution; D: Survival distribution; E: Expression
heatmap of the 8 cancer associated fibroblast-associated risk genes.

Previous reports indicated that cancer-associated fibroblast genes expression can estimate breast cancer patient
prognosis and predict the responses to immunotherapy[36-38]. Wang et al[36] reported that signature based on cancer-
associated fibroblast genes could divide patients into low- and high-risk groups, accompanied by different OS, clinical
features, and immune infiltration characteristics. Huang et al[37] identified various heterogeneous CAF cell populations
in breast cancer patients. An CAF-associated gene signature was developed to predict the responses to immunothera-
peutics. The five-gene prognostic CAF signature presented by Xu et al[38] was effective in estimating clinical immuno-
therapy response. In this study, we confirmed that the proportion of CAF-S3 cells was closely associated with patient
prognosis, based on the CAF-related gene expression signature obtained from previous reports[16]. Subsequently, we
regarded the proportion of CAF-S3 cells as a clinical characteristic and developed a CAF-based gene signature using eight
genes (IL18, MYD88, GLIPR1, TNN, BHLHE41, DNAJB5, FKBP14, and XG) using WGCNA, univariate, LASSO, and
multivariate analyses to predict patient prognosis. This demonstrated that the LR cohort had markedly better OS com-
pared with the HR cohort. AUC analysis of the prognostic signature demonstrated its accuracy in predicting the OS of
patients with breast cancer. Furthermore, multivariate analysis showed that the signature was an independent prognostic
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Figure 8 Assessment of the independent prognostic value of the prognostic signature using the The Cancer Genome Atlas database. A:
Univariate analyses of the signature and clinical features; B: Multivariate analyses of the signature and clinical features.

factor. The CAFPS OS predictive efficacy was further validated using the GSE96058 and GSE21653 datasets from the GEO
and subgroups of the TCGA databases. These findings indicate that the CAFPS was a reliable predictor of BC patient
prognosis.

We then generated a nomogram to estimate BC patient outcomes. Based on our results, our model was highly effective
in predicting BC patient prognosis. The results of the calibration curves demonstrated that the nomogram was able to
accurately predict the prognosis of patients with BC. However, when compared with traditional clinical features, the
prognostic signature showed even better potential for clinical application. According to the model, a reduced CAFPS RS
was significantly related to enhanced chemotherapeutic response in BC patients. In addition, CAFPS was strongly
correlated with most hallmark gene sets, explaining the rapid progression and worse outcomes of patients with elevated
CAFPS values. Immune checkpoint molecules can also reflect the immune status of tumor microenvironments. In the
present study, the levels of immune checkpoint molecules were found to be significantly elevated in the LR cohort, im-
plying that patients with low CAFPS RS may respond better to immune checkpoint therapy.
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Figure 9 Validation of the prognostic signature. A: Kaplan-Meier plots of overall survival of high- and low-risk cohorts in the GSE96058 database; B:
Kaplan-Meier plots of overall survival of high- and low-risk cohorts in the GSE21653 database.
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Figure 10 Association between CAFPS and clinicopathological factors. A: Pathologic-T; B: Pathologic-N; C: Pathologic-M; D: Pathologic-stage; E:
Immune subtype; F: PAM50.

For a proper evaluation of the prognostic signature, we then assessed individual biomarkers. IL-18 is a member of the
IL-1 family of proinflammatory cytokines. IL-18 modulates Thl and Th2 immune responses, as well as the activation of
NK cells and macrophages[39]. It is reported that the IL-18 protein is strongly expressed in human BC and lymph node
tissues, and is directly associated with lymph node metastasis in BC[40]. MYDS88 serves a critical function in both innate
and adaptive immune responses. It is also involved in crosstalk with the interleukin-1 and Toll-like receptor networks.
MYDS88 expression is high in metastatic tumors and has been suggested as a potential therapeutic target[41]. GLIPR1 is
markedly up-regulated in BC and has been identified as an oncoprotein in BC. In BC cells, GLIPR1 expression is pro-
moted by prolactin and estrogen, promoting cell proliferation[42]. TNN is abundantly expressed in human breast tumor
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Figure 11 Nomogram generation for the prediction of 3- and 5-year survival. A: Development of a nomogram for estimating 1-, 2-, 3-and 5-year
survival probabilities of breast cancer patients using the The Cancer Genome Atlas (TCGA) database; B and C: The 3- and 5-year area under the curves of
nomogram, stage, CAFPS using the TCGA database; D and E: The 3- and 5-year calibration curves for predicting overall survival.

extracts, although it is absent in adjoining normal tissue. Therefore, it is possible that TNN promotes tumor deve-lopment
by inducing BC cell migration[43]. BHLHEA41 is a critical modulator of the invasive and metastatic phenotype in triple-
negative BC. It is modulated by the p63 metastasis suppressor, and it suppresses TNBC aggressiveness by inhibiting
hypoxia-inducible factor 1a (HIF-1a) and HIF-2a (HIFs)[44]. DNAJB5 belongs to the DnaJ/heat shock protein 40 (HSP40)
family, and it partners with HSP70 chaperones. Stable DNAJB5 expression in cholangiocarcinoma cells that overexpress
microRNA 21 re-sensitizes them to HSP90 inhibitors[45]. FKBP14 is a member of the FK506-binding protein (FKBP)
family and is highly expressed in gastric cancer. Patients with elevated FKBP14 Levels typically have poor outcomes.
FKBP14 is recognized as an oncogene in gastric cancer and has the potential as a marker for gastric cancer identification,
invasion, and prognosis[46]. Relative to normal tissues, FKBP14 is ubiquitously expressed in ovarian cancer tissues where
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Figure 12 Prediction of chemotherapy response. A: The cancer associated fibroblast risk score of estimated chemotherapy-responders and non-
responders in GSE18728; B: Distributions of responders and non-responders in high- and low-risk groups in GSE18728.
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Figure 13 Immune checkpoint gene expression in both risk cohorts in The Cancer Genome Atlas cohort. A: PDCD1; B: CD274; C: CTLA4; D:

LAGS; E: IDOT; F: TIGIT.

it was shown to be indicative of tumor size and grade in ovarian cancer tissues[47]. In our study, Among patients with
high FKBP14 expression, the proportion of patients with tumor size > 2 cm, lymph node metastasis and TNM stage III
was higher than that of patients with low FKBP14 expression. XG belongs to the CD99 family and its expression has been
correlated with worse OS in Ewing's sarcoma patients with benign tumors, and it is speculated to regulate metastasis.
Moreover, we further verified the abnormal expression of the risk genes (FKBP14) through experi-ments. Nevertheless,
there is very limited information regarding the function of CAFs in BC. Hence, it is critical to conduct additional investig-
ations into the eight CAF-related gene markers and their associated underlying mechanisms to better elucidate infilt-
ration, metastasis, and drug resistance in BC patients. Our research has several limitations: (1) The size of our analyzed
dataset was relatively small, and a larger patient population must be studied to validate our results; and (2) This paper
did not go into detail regarding the mechanism associated with the eight identified genes.

CONCLUSION

Here, we generated a CAF-associated gene prognostic signature using IL18, MYD88, GLIPR1, TNN, BHLHE41, DNAJBS5,
FKBP14, and XG as prognostic markers of BC. This novel signature can be employed to estimate BC patient outcomes
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Figure 14 Correlation between CAFPS and signaling pathways. A: Spearman’s correlation analyses revealing that CAFPS is significantly correlated with
most hallmark gene sets; B: The ssGSEA data revealing that the cancer associated fibroblast (CAF) risk score is directly associated with TGF-BETA signaling
pathways enrichment scores using The Cancer Genome Atlas (TCGA) database; C: The ssGSEA data revealing that the CAF risk score is directly associated with IL-
6-JAK-STATS3 signaling pathways enrichment scores using the TCGA database; D: The ssGSEA data revealing that the CAF risk score is directly associated with The

TNFA-SIGNALING-VIA-NFKB signaling pathways enrichment scores using the TCGA database.
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Table 1 Clinical and pathological characteristics of patients with breast cancer in The Cancer Genome Atlas cohort

Variables n %
Age, yr
<60 570 53.17
=60 571 46.74
NA 1 0.09
Pathologic-T
T1 274 25.56
T2 621 57.93
T3 133 12.41
T4 40 3.73
X 4 0.37
Pathologic-N
NO 502 46.83
N1 355 33.12
N2 118 11.01
N3 76 7.08
NA 21 1.96
Pathologic-M
MO 896 83.58
M1 22 2.05
NA 154 14.37
Stage
Stage I 176 16.41
Stage II 608 56.72
Stage IIT 246 22.95
Stage IV 20 1.87
NA 22 2.05
PAMS50
Basal 136 12.69
Luminal-A 413 38.53
Luminal-B 185 17.25
Her2 66 6.16
Normal 22 2.05
NA 250 23.32

Table 2 Relationship between expression level of FKBP14 and clinical features in breast cancer

Variables n Low expression of FKBP14 (n = 40) High expression of FKBP14 (n = 40) X P value
Age (y1) 0.056 0813
<60 53 27 (67.5) 26 (65)
> 60 27 13 (32.5) 14 (35)
Tumor size 10.769  0.002
Gishidenge VVICC | https://www.wjgnet.com 716 February 6,2024 | Volume12 | Issue4
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<2cm 28 21(52.5) 7 (17.5)
>2cm 52 19 (47.5) 33 (82.5)

Lymph node metastasis 25.208 <0.001
No 48 35 (87.5) 13 (32.5)
Yes 32 5(125) 27 (67.5)

Stage 11.250  0.001
I-II 64 38 (95) 26 (65)
i 16 2(5) 14 (35

Subtype 3.660  0.056
Triple negative 17 12 (30) 5 (12.5)
Non-triple negative 63 28 (70) 35 (87.5)

conveniently and accurately. These results provide a basis for further studies on the role of CAFs in BC.

ARTICLE HIGHLIGHTS

Research background
Breast cancer (BC), a leading malignant disease, affects women all over the world. It is still urgent to explore new
biomarkers to estimate and enhance prognosis of BC patients.

Research motivation
The present study for the first time investigated the 8 cancer associated fibroblasts (CAFs)-associated genes as the
potential biomarkers of the prognosis of patients using bioinformatics.

Research objectives
This study aims to establish a CAFs-associated prognostic signature to improve BC patient outcome estimation.

Research methods
We retrieved the transcript profile and clinical data of 1072 BC samples from The Cancer Genome Atlas (TCGA) data-
bases, and 3661 BC samples from the The Gene Expression Omnibus. CAFs and immune cell infiltrations were quantified
using CIBERSORT algorithm. CAF-associated gene identification was done by weighted gene co-expression network
analysis. A CAF risk signature was established via univariate, LASSO regression, and multivariate Cox regression
analyses. The receiver operating characteristic (ROC) and Kaplan-Meier curves were employed to evaluate the predict-
ability of the model. Subsequently, a nomogram was developed with the risk score and patient clinical signature. Using
Spearman's correlations analysis, the relationship between CAF risk score and gene set enrichment scores were examined.
Patient samples were collected to validate gene expression by quantitative real-time polymerase chain reaction (qRT-
PCR).

Research results

Employing an 8-gene (IL18, MYD88, GLIPR1, TNN, BHLHE41, DNAJB5, FKBP14, and XG) signature, we attempted to
estimate BC patient prognosis. Based on our analysis, high-risk patients exhibited worse outcomes than low-risk patients.
Multivariate analysis revealed the risk score as an independent indicator of BC patient prognosis. ROC analysis exhibited
satisfactory nomogram predictability. The AUC showed 0.805 at 3 years, and 0.801 at 5 years in the TCGA cohort. We also
demonstrated that a reduced CAF risk score was strongly associated with enhanced chemotherapeutic outcomes. CAF
risk score was significantly correlated with most hallmark gene sets. Finally, the prognostic signature were further va-
lidated by qRT-PCR.

Research conclusions
We introduced a newly-discovered CAFs-associated gene signature, which can be employed to estimate BC patient out-
comes conveniently and accurately.

Research perspectives
The mechanisms of 8 CAFs-associated genes in BC is still unclear, which needs further confirmation through molecular
biology and clinical experiments.
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